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BP
1, d g/ mm D/ % Ngsy s/ o /kPa
1 VI 0. 065 58 6 20 1 1.020 8
2 VI 0. 090 88 11 60 1 0.992 6
3 VI 0. 092 70 12 114 0 0.027 0
4 VI 0. 105 60 14 175 0 0.018 5
5 VI 0. 107 82 15 70 0 0. 060 0
6 Vi 0. 130 80 20 50 1 0.999 8
7 VI 0. 180 75 43 130 0 0.017 8
8 Vil 0. 180 80 25 50 1 0.998 1
9 IX 0. 140 77 20 100 1 1.004 5
10 Vil 0. 290 75 15 150 0 0. 006 5
11 X 0. 260 90 25 150 0 0.0352
12 IX 0.330 77 25 100 1 0.980 8
13 Xl 0. 550 90 30 200 0 0. 005 9
14 X 0. 280 80 20 150 1 0.978 1
15 X 0. 150 70 15 100 1 1.004 5
16 Vil 0. 180 90 40 200 0 0. 005 9
17 VI 0. 180 75 43 210 0 0. 005 9
18 Vil 0. 135 64 10 110 1 1.007 9
19 VI 0. 120 75 15 150 0 0.020 0
20 VI 0. 106 75 17 38 0 0.015 4
21 VI 0. 094 70 15 132 0 0.012 6
22 VI 0. 065 58 6 100 1 1.025 7
BP
1, d s/ mm D/ % Ngs 5/ o /kPa
1 VI 0. 107 82 20 100 0 0.012 8
2 Vil 0. 135 64 13 150 1 0.974 5
3 Vil 0. 230 95 42 200 0 0. 005 0
4 X 0. 180 70 20 100 1 1.004 5
3
(D
1 2 3 4 5 y
1 0.3251 —0.0297 —0.0353 0.025 5 —0.014 4 —3.969 9
2 —0.1507 —0.5630 0.991 7 —1.116 2 0.2143 2.830 6
3 —0.9167 —0.0030 0.127 2 —0.263 1 0.002 1 —1.669 0
4 5.0917 —0.0236 —0.508 2 0.2117 —0.0749 5.148 4
5 —0.3837 —0.0376 —0.054 7 —0.004 8 —0.0245 4.376 8
4
2
1 2 3 4 5 @
1 —0.853 7 0.001 3 0.9718 0.49 3 —0.896 4 —0.3257
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PREDICTION OF SAND SOIL LIQUEFACTION DURING EARTHQUAKES
BY THE BP NEURAL NETWORK
CHEN Kui, LIU Xing-chang
China)

(Department of Urban and Resource Science, Northwest University, Xi* an 710069,
Abstract. The BP neural network is applied to predicting the potential of sand soil liquefaction.
The mean diameter, relative density, standard penetration number and effective over burden pres-

sure are selected as the indices. The forecasting results show that the method is feasible.
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